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Episode 55

Unite Data Across Dremio,
Snowflake, Iceberg, and Beyond

) Maeve Donovan
h R Senior Product Marketing Manager @ Dremio



Introduction

ETL
PIPELINES
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SaaS Apps
On-Prem Apps
Custom Apps
Enterprise Data Bus
loT Data

3rd Party Data

Multi-Cloud

Hybrid

Multi-Engine

OLTP & OLAP
Departmental vs. COE

On-Premises BI: Al/ML:

Cloud Custom Apps Self-service

Data Marts Self-service DV Gen Al Tooling
Data Extracts Apps: Custom

Data lifecycle and management remains complex, especially for large organizations
Duplicate copies, ‘expert’ ETL, “dark data”, governance complexity, not self service
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The Challenges of Data Accessibility and Analytics

Inhibits discovery, Rising costs due to Users dependent on data Proprietary platforms limit
analytics, and increased demand, data teams, lack easy-to-use flexibility and tool choice
time-to-value size, and consumption tools

models
pod
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Data Sprawl Across Multiple Platforms

= Data scattered across Snowflake
and other sources

= Challenges in discovery

= |ssues with cross-silo analytics

On Premise Data Sources Cloud Storage
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Rising Costs of Analytics

= |ncreasing demand for data
access inflating costs

= Cost management issues with
consumption-based models
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Bottlenecks in Data Access

Users encounter delays and limitations in
accessing data

Rely on data teams to prepare data for analysis

Limits self-service capabilities
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Risks of Vendor Lock-in

e Inflexibility of closed data ecosystems

e Challenges in bringing the right tools to
the problems




Why Dremio?

Unify disparate
data sources

Intelligent
semantic layer
and powerful
SQL platform

Eliminate data

silos and
optimize cost

;7
77 .
747 GNARLY

}J\v\/ﬁ{;f}// Data_Waves

ey o @ dremio

™
|||

Enable
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analytics




Unified Lakehouse analytics without data copies or ETL

Semantic
Layer

Shared Data Products

Data Domains
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Data Consumers (Bl, Data Science, Apps)
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Customer
Lifetime Value

Campaign Channel Feature Daily Active Demand Inventory
Performance Attribution Usage Users Forecast On Hand

Cloud & On-Premises Data Sources




From Challenges to Solutions

Data Sprawl & No Unified Access Unify All Data

Cannot Cost-Effectively

Scale Analytics Optimize Analytics

Reliance on Data

Teams for Access Self-Service Analytics

Proprietary Data Management
Formats

Apache Iceberg Native
Compatibility
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Seamless Data Integration

e Unify all data without
movement

e ReduceETL

e Improved governance
and security
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Maximize Cost Efficiency

e Enhance performance
for Bl and analytics

e Achieve significant cost
savings
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Faster Time-to-Insight

Generated wiki (Preview)

Dataset Summary:

Dataset Summary: - Dataset Name: NYC-taxi-trips-iceberg
- Dataset Name: NYC-taxi-trips-iceberg - Dataset Description: This data
- Dataset Description: This dataset contains information about taxi trips in New York City. It includes details such as the Grmationd
. . . .. contains information about taxi trips in
pickup datetime, passenger count, trip distance in miles, fare amount, tip amount, and total amount. New York City. It includes details such as
o I r] I r] - a S | n | I I |Ve he pickup datetime, passenger cout,
I Column Summary. distance in miles, fare amount, tip amount,
1. pickup_datetime: and intatambunt

- Data Type: DATETIME

2. passenger_count
- Data Type: INTEGER Alliances Alliances
- Summary: This column indicates

(R) mark.shainman@dremio.com Name

3. trip_distance_mi
- Data Type: FLOAT
- Summary: This

e Empower users with

- Summary: This column indicates

v Spaces (11)

Alliancos

o

self-service capabilities

- Summary: This column represent
Raw Data

~ Arctic Catalogs (1)

arctic 35 main >

< Metastores (7)

e
y
sy

; / ey o @ dremio



Apache Iceberg Compatibility

ICEBERG (@)

e Ensure open and
compatible data access aws Y Google Cloud

. By S5
e Leverage Iceberg with 0= @
Snowflake and Dremio W o A

— )« Starburst
CLOUDZ=RA

B® Microsoft
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Real-World Impact

Unified data access with virtualization and federation

Optimize costs and performance with Reflections

= B
Enhanced self-service analytics capabilities
ped
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Virtualization and Federation

Order_Product_ship_category

@ ____ . Orders

— Top Landing Pages
@Marketing

Order_Product_ship_category (-]

@ o Shippers
Access all data seamlessly, — | || 9 Customer Retention

reducing ETL complexity @Prosct

Products
Sales Leads

@Business Development

[

Categories Pipeline Predictions

@Data Science
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Efficiency Gains

p
Bl Visualizations Bl Visualizations
LIVE
QUERY
RSCATICX Y
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Derived Tables
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Tables and Views o '
Reflections
Tables and Views
Data Warehouse # dremio
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Empowering Users

p
1 SELECT
2 country.country_name_eng, Column country.id does not exist.
3 ASE WHEN call.id IS NOT NULL THEN Based on your dataset, we r
4 G(ISNULL(DATEDIFF(SECOND, call.start nging it to “country.ct
5 FROM country
6 LEFT JOIN city ON city.country_id = ogoi Change the following SQL
7 LEFT JOIN customer ON clty.i country. id
8 LEFT JOIN call ON call.customer
9 HAVING AVG(ISNULL(DA
10 call.start_time, call.end
Data Wikis & Data Labeling Text-to-SQL Debugging SQL/Data
Automatic generation of dataset Generate SQL queries based on natural Automatic recommend and correct SQL
descriptions, SQL examples, data tags for language questions syntax errors
tables and views and more
A\
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Future-Proof Your Data

e Ensure open and vV o 8 @ m
compatible data formats o “
mp Tk @ # 2 3 A®R VO @ EEE
with Iceberg

. . Reflections Accelerations Semantic Layer
e Dremio is Apache _
Iceberg native dremio Enterprise Iceberg Catalog  (§)

o Enterprlse HYbrId CIOUd % Object Storage v o o
Iceberg Catalog ® ® | O " B mwm o
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Conclusion

NOMURA

ARG SAuppIy‘dellvers §e|f~serwce Nomura modernized their data
analytics using Dremio to lake delivering unparalleled
organize domain data and efficiency with Dremio Unified
accelerate development Lakehouse Platform to enable
massive workload scaling.

RWE

RWE empowered analysts with
quicker access to data, self-
service insights, and analytics to

enable collaboration and data
sharing with Dremio.
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[#5 dremlo Product Solutions Customers Partners Resources Company  Apache Iceberg Book a Meeting
]

DREMIO SOLUTIONS

Dremio with Snowflake for
Easy, Cost-Effective
Iceberg Analytics

Unify all of your data, from Snowflake to Iceberg and other sources, by combining
Dremio's intelligent semantic layer with its powerful SQL platform, to eliminate data
silos, optimize costs, and enable self-service analytics
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Start For Free



Thank you
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